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Abstract
The article focuses on designing methods for quantitative assessment of the postural stability in a quiet stance by
measuring segments of the appendicular skeleton, namely upper and forearms by inertial measurement units (IMU).
Although an array of quantitative analysis methods assessing data of postural stability in the quiet stance exist by
measuring the head and trunk movement, these methods have not been used to date to assess the behavior of appendicular
skeleton segments, namely the upper limbs. The applicability of methods assessing arm movement during the quiet stance
has been verified by comparing the values of healthy subjects performing various stance tasks. The tests determined the
quantitative evaluation of acceleration measured on individual anatomical axes. The quantities included: the volume of
a convex polyhedron (PV), the volume of confidence ellipsoid (EV) and average velocity (AV) obtained by plotting three
accelerations against each other. The most important findings in this study concern significant differences of PV and AV
between dominant and non-dominant upper extremities and significant differences of EV, PV and AV between the data
measured with a subject's eyes closed and open. Higher values of indicators were in the non-dominant extremities when
subjects were measured with closed eyes. Statistically significant differences between dominant and non-dominant arm
movements were documented in PV and AV cases. This is due to the PV calculation being more sensitive to random
deviations, i.e. the range of measured data, since the polyhedron bounds all the measured data, as opposed to the method,
where the ellipse bounds only 95% of the measured data. In the case of the AV method, it is due to higher sensitivity to
movements corresponding with arm tremors; the AV calculation relates not only to the range of measured data but, above
all, to the intensity of data changes in the segment measured in a particular space and time interval. These conclusions
demonstrate that it is possible to apply the proposed methods in the assessment of arm movement during a quiet stance
since the differences between individual stance tasks and the dominant and non-dominant arms in specific cases of quiet
stance have been identified. These conclusions also indicate a potentially more extensive medical application of the
proposed quantitative data evaluation obtained from IMU, for example, within the rehabilitation process of injured
appendicular skeleton segments. The use of cheaper IMU methods in mobile phones or watches can be of significant
benefit in measuring the segmental movement of the appendicular skeleton in quiet stance. The methods outlined in this
paper have potential in the field of telemedicine.
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Introduction

postural stability can be observed. Relationship between
variables have been tested to find out whether the
proposed methods lead to identical conclusions and are
substitutable in future commercial systems in clinical
practice. The second objective of healthy subjects´
measuring is to determine whether the proposed
methods can identify any differences between the
movement of segments of the appendicular skeleton
during a quiet stance, i.e. the differences in a movement
of the dominant and non-dominant upper limb, i.e.
forearms and upper arms. These findings are expected
to become beneficial in more extensive medical
applications in the future, for example, within the
rehabilitation process of injured segments of the
appendicular skeleton, and in more inexpensive IMUs
applications in the wider medical practice.

The movements and positions of body segments can
be negatively influenced by many diseases of the
musculoskeletal or nervous system [1]. Subjects with
some of these disorders usually show instability during
stance tasks. The Romberg's test has become the
standard approach to evaluating postural instability
during quiet standing [2]. Making the stance task more
difficult by removing visual proprioception is considered a means to identify and quantitatively evaluate the
movement of patients with a disease [3]. Recently,
cheaper inertial measurement units (IMU), i.e. electronic devices based on accelerometers and gyroscopes,
were used for high-accuracy measurement of human
body segments during a quiet stance, instead of the
commonly used stabilometric platforms, which are
traditionally used to study postural stability during quiet
stance [4]. The sensing IMUs can be used to measure the
accelerations of body segments on which the IMUs are
placed. In the past, these sensing units were placed on
the trunk or head to measure the motion of these
segments during a quiet stance and to identify any
impaired balance control [5]. To monitor and train
a posture, a non-commercial IMU system, a diagnostic
tool for trunk movement, has been developed; in this
way, non-expensive accelerometers and gyroscopes
used in modern cell phones and electronic watches have
further potential for monitoring posture. Traditional and
more complex methods for processing measured data
and assessing postural instability use at least two
measured variables; these methods are based on the
convex hull [6], confidence ellipse [7], or length of
trajectory obtained by plotting two variables against
each other [8]. These methods are used to evaluate data
obtained from the force platform [9], or an IMU system
placed on a segment of the axial skeleton.
Although IMUs and the above mentioned quantitative
evaluation methods were experimentally used to assess
postural stability by measuring the movement of the
axial skeleton segments, there is no evidence demonstrating that the methods mentioned above are also able
to assess the behaviour of segments of the appendicular
skeleton during quiet stance. It is evident however that
the data obtained from measured segments of the
appendicular skeleton in a quiet stance may contribute
to the identification of specific disorders of the
musculoskeletal or nervous system. Specifically, the
data processing methods from less expensive IMUs in
mobile phones or watches may be beneficial in measuring the movement of segments of the appendicular
skeleton during a quiet stance, for example, within the
telemedical domain. This study aims to propose or
adjust existing methods of quantitative evaluation of
IMU motion data to measure the movement of the upper
limbs, as parts of the appendicular skeleton. The
methods have been tested on healthy subjects measured
during two different stance tasks so that changes in

Methods
Participants
Ten volunteers (aged 22 (SD 0.5) years of age, body
weight 71 (SD 12) kg; height 176 (SD 8) cm). All the
participants (healthy subjects) were recruited from the
students of the Czech Technical University in Prague.
Thus, data were measured on ten subjects, where each
sample of data is of size ten. The Edinburgh Handedness
Inventory was used to assess the dominance of a person's
right or left hand [10]. The study involved one weak lefthander (handedness -9%) and nine right-handers (from
weak (11%) to strong handedness (100%)). The mean
handedness score of the group was 49% (SD=31%). The
diagnostic evaluation included a detailed medical
history, and informed consent was obtained from all the
subjects. The dominant and non-dominant hand of each
participant was identified, and arm motions were
recorded. The study was performed in agreement with
the Helsinki Declaration. All participants for measurement were selected randomly on different days.
Test procedure and measurement equipment
The Xbus Master (Xsens Technologies B.V.), is
a lightweight (330 g) portable device using MTx units
for orientation and acceleration measurement of body
segments (see Fig. 1). It was used to measure dominant
and non-dominant arm movements. The MTx unit with
an embedded accelerometer and gyroscope is an
accurate IMU measuring drift-free 3-D orientation and
3-D acceleration. The MTx unit was calibrated before
each clinical examination. The MTx unit was set up in
the following way: one axis of the MTx's coordinate
system was parallel to the anterior-posterior axis (i.e. the
symmetry axis of the fixed stationary platform on which
the participants stood). The other two axes were perpendicular to the anterior-posterior axis (i.e. symmetry axis
of the platform) respecting the Earth's gravitational
direction, i.e. vertical axis was co-linear with the
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direction of gravity. After calibration, the MTx units
were placed on the patient's upper extremities, according
to [11, 12] and following the MoCap system
manufacturer's recommendations, [12]. Four MTx units
were placed on the dorsal sides of arms close to the
segments' centre without interfering with the motion of
the upper extremities or trunk.

sequently, in the anatomical coordinate frame. The
calculation was based on the rotational matrices,
see [22, 23]. The calculated acceleration vector

a Ai = (a APi a MLi a SIi )T of the instantaneous accelerations represents the superior-inferior acceleration (aSIi),
medio-lateral acceleration (aMLi) and anterior-posterior
acceleration (aAPi). The acceleration was recorded
continuously during the whole measurement.
Using the accelerations derived, the arm's 3-D
movement is possible to evaluate. The calculated acceleration vectors, or in other words, time dependent data
(aSI, aML, aAP) obtained by the three axis accelerometer
were plotted as a 3-D plot, i.e. set of points was obtained
by plotting the three accelerations against each other, see
Fig. 2. The number of points was determined by the time
of measurement, i.e. recorded dataset length (60 s) and
the sampling frequency (100 Hz).

Fig. 1: The arrangement of the MTx units of Xsens
system on the right arm, as used in measuring
accelerations of the forearm and upper arm.
The data, i.e. the three Euler angles (roll (Φ), yaw (Ψ),
pitch (Θ)) [13–15], and three orthogonal accelerations
(aSx, aSy, aSz) in the accelerometer coordinate system
[16] were measured by each MTx unit placed on the arm
while subjects were in quiet standing on a fixed
stationary platform. Conventions of Euler angles are
described in [14, 15, 17] and were used to interpret the
data. The three accelerations measured by the MTx
accelerometer unit were described previously in
[18, 19]. The movements of both arms were measured
by the Xsens system during quiet stance (i.e. Romberg's
test) on a firm surface with eyes open (EO) and then eyes
closed (EC) [20]. The subject's bare feet were positioned
next to each other, splayed at a 30º angle, arms were in
a neutral hanging position. The tasks included standing on both feet for at least 60 seconds [21]. The
measurements usually lasted a few seconds longer, and
the initial data has been shortened, so that all datasets
had a record length of 60 seconds. The Xsens system
measures accelerations in 3-D space with the noise of
0.002 m·s-2·Hz-0.5 and the data was recorded at the
sample frequency of 100 Hz.

Fig. 2: 3-D plot of linear accelerations during 60 s with
sampling frequency 100 Hz.
To evaluate the time dependent data, three methods
are suggested. The set of data to test the applicability of
the volume of a convex polyhedron (PV), the volume of
confidence ellipsoid (EV) and average velocity (AV) for
quantitative evaluation of the human arm movement
during quiet stance was measured. The methods are
based on the EV, PV and AV set of the point obtained
by plotting the three accelerations against each other.
The EV is based on the mathematical tools for static
posturography employed to analyze body sway [24]. In
the case presented, the distribution of the measured 3-D
data was modelled by 3-D ellipsoid and its volume [7].
The volume of an ellipsoid was given by an ellipsoid
matrix and the ellipsoid matrix was composed of entries
from the covariance matrix [25]. A 95% confidence
ellipsoid was used to test the applicability of 3-D
confidence ellipsoid [26]. The 95% confidence ellipsoid
volume is the volume of an ellipsoid that is expected to
bound 95% of the measured data, i.e. set of points is
obtained by plotting three accelerations against each
other. The calculation of the EV is described in detail
in [7]. In the case described, the distribution of the
measured 3-D data was modelled by a 3-D ellipsoid. EV
was measured in m3·s-6.
The second method is based on the distribution of the
measured 3-D data modelled by a 2-D convex hull or
a 3-D convex polyhedron [27]. In mathematics, the
convex hull or polyhedron is a set of points in Euclidean
space that is the smallest convex set that contains all

Method of data processing
Three orthogonal accelerations and three Euler angles
were recorded continuously during the testing trial using
each MTx unit. In this way, a set of instantaneous values
were obtained by four MTx units, two placed on each
arm. The instantaneous values of the three Euler angles
and three accelerations in the accelerometer coordinate
system of each MTx unit were used to calculate the
accelerations in the global reference system and sub-
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points [28, 29]. Thus the convex polyhedron is the
smallest convex region enclosing all points in the set.
The volume of the convex polyhedron can be used to
describe the measured distribution of 3-D data. Since no
method of calculating the convex polyhedron volume
[30, 31] is known, an equation for calculating the
volume of any polyhedron described in [32] was
employed. PV was measured in m3·s-6.
The third method is based on the average velocity of
the point obtained by plotting measured variables
against each other [8]. To calculate the average velocity,
the total trajectory length of the plot of variables is used
[33, 34]. The formulas, used to calculate the trajectory
length, are based on the sum of Euclidean distances
between consecutive data points in Euclidean 3-D space,
as described in [35]. AV is measured in m·s-2. A customdesigned MatLab program based on the functions of the
MatLab software (MatLab R2010b, Mathworks, Inc.,
Natick, MA, USA) was used to calculate the EV, PV,
and AV of the 3D plots.

(moderate), 0.60–0.79 (strong) and 0.80–1.0 (very
strong). The statistical analysis was performed by
MatLab software.

Results
The statistical data illustrate the differences between
the EVs, PVs and AVs of the dominant and nondominant arms of the subjects standing with EO and EC.
The following plots (Fig. 3, Fig. 4 and Fig. 5) and tables
(Table 1 and Table 2) display the Min, Max, Mdn, Q1,
and Q3 for the calculated values of EVs, PVs and AVs.
Since some of the calculated values were not distributed
as expected, the Wilcoxon test was used to compare and
analyse the sets of calculated EVs, PVs and AVs.
Table 1: Comparison of the ellipsoid volumes, polyhedron volumes and average velocities of dominant and
non-dominant forearms.

Statistical analysis

EO D
EO N
EC D
EC N
Min
(m3·s-6) 2.00·10-4 3.00·10-4 3.00·10-4 3.00·10-4
Max
(m3·s-6) 1.20·10-3 1.30·10-3 1.70·10-3 1.60·10-3
Mdn
EV
(m3·s-6) 6.00·10-4 5.50·10-4 8.00·10-4 8.00·10-4
Q1
(m3·s-6) 4.00·10-4 4.75·10-4 7.00·10-4 5.75·10-4
Q3
(m3·s-6) 9.00·10-4 7.75·10-4 1.00·10-3 1.40·10-3
Min
(m3·s-6) 5.00·10-3 5.00·10-3 5.00·10-3 6.00·10-3
Max
(m3·s-6) 2.20·10-2 2.90·10-2 2.60·10-2 3.70·10-2
Mdn
PV
(m3·s-6) 1.60·10-2 1.75·10-2 2.10·10-2 2.05·10-2
Q1
(m3·s-6) 9.00·10-3 1.10·10-2 1.40·10-2 1.53·10-2
Q3
(m3·s-6) 1.90·10-2 1.98·10-2 2.30·10-2 2.75·10-2
Min
(m·s-3)
2.17
2.53
2.21
2.49
Max
(m·s-3)
3.09
3.23
3.73
3.82
Mdn
AV
(m·s-3)
2.68
2.69
2.84
2.87
Q1
(m·s-3)
2.59
2.64
2.65
2.73
Q3
(m·s-3)
2.72
2.80
3.11
3.08
EV: ellipsoid volume; PV: polyhedron volume; AV:
average velocity; D: dominant arm; N: non-dominant arm;
EO: Eyes Open; EC: Eyes Closed; Min: Minimum; Max:
Maximum; Mdn: Median; Q1: First Quartile; Q3: Third
Quartile.

After calculating the EV, PV and AV of the measured
values of acceleration from the four MTx, the units were
divided into two sets; one included accelerations
measured on the dominant hand, the second on the nondominant hand. The data sets were divided into data
subsets according to whether the subjects were standing
with EO or EC. The Jarque-Bera test was used to
identify a normal distribution of calculated median
accelerations and maximum accelerations in the data
subsets. The median (Mdn), minimum (Min), maximum
(Max), the first quartile (Q1) and the third quartile (Q3)
of the accelerations were then used to compare results.
The Wilcoxon test assessed the significance of the
differences between the measured results by the MTx
units placed on the dominant and non-dominant arms, as
well as the differences between the measured results
with EO and EC. The significance level for the
evaluation of whether the proposed EV, PV and AV are
suitable for the study, was set at p<0.05. In addition,
effect sizes, taking into account differences between the
two groups of data, were calculated in accordance with
[36, 37].
The Spearman's rank correlation coefficients between
the data subsets were calculated to identify the relationship between EVs, PVs and AVs. The correlation is
an effect size allowing for a verbal description of the
strength of the correlation between EVs, PVs and AVs
values using the following guide for the absolute value
of: 0.00–0.19 (very weak), 0.20–0.39 (weak), 0.40–0.59
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Table 2: Comparison of the ellipsoid volumes, polyhedron volumes and average velocities of dominant and
non-dominant arms.
EO D
EO N
EC D
EC N
Min
2.00·10-4 3.00·10-4 2.00·10-4 5.00·10-4
(m3·s-6)
Max
9.00·10-4 1.10·10-3 1.50·10-3 1.60·10-3
(m3·s-6)
Mdn
EV
5.00·10-4 7.00·10-4 7.00·10-4 7.00·10-4
(m3·s-6)
Q1
3.00·10-4 5.00·10-4 4.00·10-4 6.00·10-4
(m3·s-6)
Q3
8.00·10-4 9.00·10-4 1.00·10-3 1.30·10-3
(m3·s-6)
Min
4.00·10-3 5.00·10-3 4.00·10-3 9.00·10-3
(m3·s-6)
Max
1.80·10-2 2.00·10-2 3.00·10-2 3.10·10-2
(m3·s-6)
Mdn
PV
8.00·10-3 1.20·10-2 1.50·10-2 1.90·10-2
(m3·s-6)
Q1
6.00·10-3 1.00·10-2 8.00·10-3 1.10·10-2
(m3·s-6)
Q3
1.30·10-2 1.70·10-2 2.20·10-2 2.80·10-2
(m3·s-6)
Min
2.40
2.47
2.54
2.80
(m·s-3)
Max
3.58
3.57
4.56
4.33
(m·s-3)
Mdn
AV
2.80
3.25
2.96
3.16
(m·s-3)
Q1
2.49
2.97
2.62
2.98
(m·s-3)
Q3
3.15
3.49
3.43
3.79
(m·s-3)
EV: ellipsoid volume; PV: polyhedron volume; AV:
average velocity; D: dominant arm; N: non-dominant arm;
EO: Eyes Open; EC: Eyes Closed; Min: Minimum; Max:
Maximum; Mdn: Median; Q1: First Quartile; Q3: Third
Quartile.

Fig. 4: Comparison of the ellipsoid volumes of the
dominant (D) and non-dominant (N) arms of subjects
standing with eyes open (EO) and eyes closed (EC).

Fig. 5: Comparison of the average velocities of the
dominant (D) and non-dominant (N) arms of subjects
standing with eyes open (EO) and eyes closed (EC).
Comparison of the dominant and non-dominant arms
during a quiet stance trial
Detailed comparison of EV data regarding the
dominant and non-dominant arm did not identify
significant differences between dominant and nondominant arm, see Tab. 3. Significant differences were
recorded when the EV values were compared on the
same arm segment while the subjects were measured
with EO and EC, see Tab. 3. Likewise, the PV values on
the dominant and non-dominant arms differed when the
data was measured on the upper arms, but no notable
differences were observed when the data was measured
on the forearms of subjects with EO or EC, see Tab. 3.
In contrast however, the comparison of PVs on the same
arm segment measured during standing with EO and EC
found significant differences when measured for
specific arm segments, see Tab. 3. The difference in EV
values was noticeable also between the data measured
on forearm and upper arm of subjects with EO or EC,

Fig. 3: Comparison of the polyhedron volumes of the
dominant (D) and non-dominant (N) arms of subjects
standing with eyes open (EO) and eyes closed (EC).
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Discussion

see Tab. 3, regardless whether taken on the dominant or
non-dominant arm. Finally, the AV data obtained from
the same arm segment measured while standing with EO
and EC showed a significant difference when specific
arm segment was measured, see Tab. 3.

This study has verified the novel methods based on
vertical, medio-lateral and anterior-posterior accelerations plotted against each other. The calculated EVs,
PVs and AVs proved the applicability of the quantitative
indicators and detected differences in the upper limbs'
behavior during quiet standing. The key medical
findings of this study revealed significant differences of
PV and AV between the D and N upper extremity, as
well those of EV, PV and AV when the data was
measured with EO and EC, see Tab. 2. The higher values
of indicators were observed for N extremity when
measured with EC. Statistically significant differences
between the D and N arm movements were recognised
only in PV and AV. It is because the PV method is more
sensitive to the evaluation of random deviations, i.e. the
range of measured data; as the polyhedron bounds all
measured data, compared to the EV method, where the
ellipse limits only 95% of the measured data [7]. In the
case of AV, the method's high sensitivity to a motion
corresponds with arm tremors. It is because the AV
calculation relates not only to a range of measured data
but also to the intensity of data changes occurring in the
segment measured during the specific time interval [35].
Looking at the differences between the forearm and
upper arm results, the AV-based method identified
significant differences between the D and N arm. The
PV-based method also identified considerable differences between the D and N arm however, only in the
upper arm. The differences between the measured
results utilising the two methods can be ascribed to the
fact that the polyhedron method is more sensitive to the
range of measured data, and the AV method is more
sensitive to the intensity of data changes. The differences in the data measured on D and N arms therefore
mainly relates to the intensity of movements, i.e. trembling of arms.
Spontaneous movements of the extremity in a resting
position or during a postural activity, are called
physiologic tremors (PT). There are two sources of PT
– oscillations driven by mechanical properties of the
limb in the corresponding resonance frequency and the
central oscillatory components synchronising motor
units' activity of muscles responsible for the segment's
movements [38]. Several studies have documented,
that the PT in the upper extremity is mostly driven by
limb mechanics with minimal central influence [38–40].
In line with this finding, Carignan et co-workers
discovered that tremors of all segments are driven by the
angular displacement in the shoulder joint [41]. Side
differences in the tremor intensity are not age, gender or
laterality dependent, but are dictated by the segment's
weight and dimensions [39]. Laterality effects, observed
in the subjects under observation, can be explained by
different arm weight of a D and N extremity. These side

Table 3: The calculated p-values as obtained by the
Wilcoxon test to assess the differences between the
measured results of D and N arms, and measurements
with EO and EC.
Forearm
Upper arm
EO D vs. EO N
0.84
0.06
EC D vs. EC N
0.69
0.07
EV
EO D vs. EC D
0.09
0.04*
EO N vs. EC N
0.04*
0.02*
EO D vs. EO N
0.20
0.04*
EC D vs. EC N
0.23
0.02*
PV
EO D vs. EC D
0.03*
0.02*
EO N vs. EC N
0.13
0.03*
EO D vs. EO N
0.04*
0.04*
EC D vs. EC N
0.02*
0.11
AV
EO D vs. EC D
0.01*
0.03*
EO N vs. EC N
0.03*
0.03*
EV: ellipsoid volume; PV: polyhedron volume; AV:
average velocity; D: dominant arm; N: non-dominant arm;
EO: Eyes Open; EC: Eyes Closed; *- significant
difference.

Correlation between the data using three different
methods
The comparison of EV, PV and AV values measured
on the dominant and non-dominant arm, and using
the Spearman's rank correlation coefficient indicates
a strong or very correlation, i.e. strong positive relationship between the movements of the dominant and nondominant arm, see Tab. 4. In all the compared data
groups, the correlations were large.
Table 4: Spearman's rank correlation coefficient
showing the relationship between the data measured on
the dominant and non-dominant arms.
EO D
EO N
EC D
EC N
EV
vs.
0.98** 0.86** 0.97**
0.71*
PV
PV
Forearm
vs.
0.82**
0.76*
0.83** 0.81**
AV
AV
vs.
0.76*
0.74*
0.84**
0.71*
EV
EV
vs.
0.96** 0.94** 1.00** 0.81**
PV
PV
Upper
vs.
0.89** 0.97** 0.98**
0.68*
arm
AV
AV
vs.
0.94** 0.95** 0.98** 0.80**
EV
EV: ellipsoid volume; PV: polyhedron volume; AV:
average velocity; D: dominant arm; N: non-dominant
arm; EO: Eyes Open; EC: Eyes Closed; *- strong
correlation; **- very strong correlation.
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differences between arm weight can account for up to
4.8% [42]. Side differences in the grip and elbow
strength, which are influenced by different muscle mass,
were recognised by Aoki et al. [43]. It can, therefore, be
assumed that the less heavy a non-dominant extremity
is, the more intensive is the tremble. The literature cites
only a few references concerning the correlation of
tremor with hand laterality. For example, MachowskaMajchrzak discovered that the essential tremor was
more intense in the N extremity in 62% of patients
[44, 45]. In contrast, no correlation of arm swing in
walking was identified with laterality, possibly due to an
important central component in this involuntary
movement [46].
The statistical relevance of the difference between the
tremor intensity measured with EO and EC is difficult
to explain, and moreover, citations around this
discrepancy can be found in current literature. This
phenomenon maybe explained by the fact that more
effort to attain proper posture in space is required
without visual input. For this reason, muscle activity
increases and central oscillations are added to the pure
mechanical oscillations in an undisturbed stance. This
hypothesis could be easily tested in the future by EMG
recording of the trembling segments. However, in
respect to the methods proposed and discussed by the
authors, the difference was recognised as important.
The results between the types of stance tasks differed
and have been taken into consideration as important
elements. Hence, it can be concluded that performance
of complex stance tasks when the visual input is
reduced, highlights the differences in arm movements
during a quiet stance.
The results show that the AV-based method is the
most sensitive and its results are similar to the findings
of previous studies. The PV-based method also proved
to be sensitive; moreover, it distinguishes between D
and N arm movements. The EV-based method can
identify differences in the type of stance task (i.e.
differences between performing with EO and EC).
In all measurement methods, a strong or very strong
correlation was found between EV, PV and AV. The
proposed methods lead to similar conclusions but differ
in sensitivity and therefore future medical application.
The main limitation of this study is its small scale and
represented a number of subjects involved in measurements. However, to test the fundamental attributes of the
quantitative methods proposed for the study of postural
stability in this preliminary study, the sample size of ten
subjects seems sufficient as it is comparable with similar
works focused on the postural stability evaluation [47].

methods were obtained from IMUs which are affordable
to acquire. In some cases, the results demonstrated
significant differences between the movements of the D
and N arm, as well as those between the movement of
the arm while standing with EO and EC. The given
results demonstrate a potential of the methods proposed
to examine the postural stability of the appendicular
skeleton segment during quiet stance. The proposed
application of the methods described has not been used
before and therefore can become a new tool for
identifying the degree of disease or evaluating the
rehabilitation process for treating the appendicular
skeleton. The proposed methods and results can also be
seen as postural stability indicators in healthy subjects,
relating to the ability to display movements corresponding to subjects with impaired movements. The
proposed methods can also potentially become part
of systems using cheaper IMUs in mobile phones or
watches, which can significantly influence and complement the current ways of measuring the segments'
movement of the appendicular skeleton within telemedicine. The proposed methods and medical findings
can contribute to potentially more extensive IMU
application in medical practice.
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